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Abstract—Multi-agent Exploration Simulator for 3D Space
(MAES3D) is an open-source framework developed in Unity
for testing and comparing exploration and coverage algorithms
(Biegel et. al). This paper proposes to further expand upon the
framework by addressing shortcomings and implementing new
features missing from the prior iteration of the framework. These
changes include an improvement of the sensing capabilities of
agents allowing them a longer sensing range, a visualization
of the explored areas, a more configurable map generator,
and an improved camera and user interface. Furthermore, a
novel exploration algorithm called Dual-Stage Viewpoint Planner
(DSVP) is translated from 2D using a single robot to 3D with
multiple robots. Experiments are conducted to compare the
performance of DSVP and the already implemented algorithms
named Random Ballistic Walk (RBW) and Local Voronoi Decom-
position (LVD). The results of the experiments show that RBW is
outperformed by both LVD and DSVP, with DSVP as the concise
winner. Finally, a performance test shows that MAES3D is able
to simulate at least 10 agents simultaneously.

Index Terms—Continuous Space, Random Ballistic Walk,
Local Voronoi Decomposition, Dual-Stage Viewpoint Planner,
Swarm Robotics

I. INTRODUCTION

Exploration algorithms are typically evaluated using a
purpose-built simulator designed specifically for that algo-
rithm. This means that there is no practical way of com-
paring algorithms as they are each developed with different
assumptions about hardware capabilities [1]. Furthermore, the
general-purpose simulators that exist are either too complex in
nature and require extensive configuration and computational
resources [2, 3], or do not have support for 3D environments
and agent movement [4].

This led to the development of Multi-agent Exploration
Simulator for 3D Space (MAES3D). A verbatim copy of
the project report for MAES3D developed in the previous
semester is available in Appendix B. The main objective of
MAES3D is to remove the overhead required to implement
and compare algorithms. This is done by having a built-
in map generator, prefabricated agents with the capability
for inter-agent communication, a light detection and ranging
(LiDAR) system updating a local exploration map, and a set
of tasks they can perform e.g. moving, while only exposing
the user to a controller for interacting with the agents when
implementing an algorithm. The source code is available on
GitHub at https://github.com/DeagleBiegel/MAES3D and a
video demonstration of the framework is available on Youtube
at https://youtu.be/b33ph1WrYB4.

The purpose of this paper is to further improve the capa-
bilities of MAES3D by implementing new features presented
and discussed in future work by Biegel et al. in Appendix B
and a new novel algorithm by Zhu et. al [5] called Dual-Stage
Viewpoint Planner.

The paper is structured as follows. In section II, we describe
the relevant background information regarding the current
implementation of MAES3D and a novel algorithm we con-
sidered. Next, in section III, we discuss the shortcomings of
MAES3D and solutions. In section IV, we describe the fea-
tures and algorithm that will be implemented in MAES3D. In
section VI, we conduct a comparison of the existing algorithms
and the new algorithm. Then, in section V, we conduct a
performance test of the framework. Finally, in section VII,
we summarize our findings and discuss potential avenues for
future work in section VIII.

II. BACKGROUND INFORMATION

This section will outline relevant background information to
ensure a better understanding of the subject matter, which
includes the terminology used, the framework we built on,
other solutions from the bibliography, and a novel exploration
algorithm we considered.

A. Terminology

This section will describe some key concepts and terms used
throughout the paper.

A voxel is a representation of a pixel in a three-dimensional
space. The word is derived from Volume and Pixel. And they
are commonly used in computer graphics to represent a value
in a three-dimensional grid.

Exploration is the set of voxels an agent has seen during
traversal and consists of voxels that are either a wall or in the
free space.

Coverage is the set of voxels in free space that has been
physically occupied by an agent when relocating to a new
location.

B. Existing Solutions

Multi-agent Exploration Simulator (MAES) by Andreasen
et al. [6] is a framework for simulating coverage and explo-
ration algorithm in a two-dimensional continuous space.

The framework is able to generate two different kinds of
environments named building maps and cave maps. Building
maps feature hallways and rooms to resemble a building, and

1

https://github.com/DeagleBiegel/MAES3D
https://youtu.be/b33ph1WrYB4


cave maps that resemble a cave-like structure using irregular
shapes. Within these two types of maps, multiple different
two-dimensional exploration and coverage algorithms were
simulated, and then later the results of the said simulation
were compared.

These algorithms included both algorithms for continuous
space, as well as algorithms that operate in discrete grid-based
space. Here, they converted all algorithms to continuous space
to enable the possibility of comparing the algorithms.

Autonomous Robots Go Swarming (ARGoS) [3] is a
robot simulator developed to simulate large swarms of robots
with support for various physics engines. ARGoS is built to
be highly modular allowing a user to add new functionality in
the form of sensors, actuators, individual robot components,
means of communication, and environment dynamics such as
wind and water flow.

Gazebo [2] is a tool for robot simulation, offering a set
of features allowing the user to create a virtual world in
which they can simulate robot behavior. Another key feature
of Gazebo is a library that allows the user to exchange data
between clients in the form of nodes, which can be used
to distribute the workload on the same computer or multiple
computers.

C. Multi-agent Exploration Simulator for 3D

MAES3D by Biegel et al. [7] in Appendix B is a framework
for simulating coverage and exploration algorithms in a three-
dimensional continuous space using swarm robotics with inter-
agent communication inspired by MAES [6]. The three points
of interest the framework has to comprise are (a) the map
generator, (b) the interface for agents, and (c) algorithms for
coverage and exploration.

(a) The map generator uses a cellular automaton (Ap-
pendix B, Section 3.1.3) utilizing Moore neighborhood to
smoothen out a randomly filled three-dimensional grid of
voxels, a predefined amount of times. The size of the map is
adjustable by the user, meaning the width, height, and depth
can be changed with a lower limit of 30 and an upper limit
of 100 voxels in each dimension.

(b) The agents mimic the behavior of underwater drones. It
can only move in the direction the agent is facing and therefore
has to rotate when changing direction. They use a modified
version of the Look Compute Move (LCM) Model [8] by
also incorporating a communicate phase making it the Look
Compute Communicate Move (LCCM) Model (Appendix B,
Section 3.4). Each agent has a controller with a set of
instructions that can be called to manipulate it (e.g. telling
it where to go) when implementing an algorithm.

(c) The native novel algorithms implemented in MAES3D
are Random Ballistic Walk (RBW) and Local Voronoi Decom-
position (LVD). In RBW [9], the agent moves continuously in
a straight line and rotates a random amount of degrees when
colliding with an object (Appendix B, Section 3.3.1). LVD [10]
works on the principle of divide-and-conquer by decomposing
the agent’s viewable space into Voronoi regions based on the
agent’s proximity to a set of voxels. The agents explore the

map by moving to the nearest unexplored voxel within their
own Voronoi region. However, they move to the nearest least
recently visited occlusion point (a point that breaks the line of
sight) iff all voxels in their region are explored (Appendix B,
Section 3.3.2).

D. Dual-stage Viewpoint Planner

Dual-stage Viewpoint Planner (DSVP) by Zhu et al. [5] is a
two-dimensional exploration algorithm. The algorithm is split
into two stages, each with a different goal.

The first stage is called the Exploration Stage. The goal
of this stage is to explore the nearby terrain to find the next
position the agent should move to. This is done by finding
frontiers in the current view of the agent where each frontier
is a point on the border between an explored region to an
unexplored region. The subset of frontiers that are in the
direction the agent last traveled will be stored as local frontiers
whereas the rest will be stored as global frontiers. Within an
area around the agent called the ”planning horizon”, random
points are sampled with a bias towards the local frontiers to
construct a rapid-exploration random tree (RRT) [11] with the
agent’s current position as the root.

For each node in the local RRT a gain is calculated that is an
approximation of the unexplored area that would be explored
if the agent was positioned at the node in question using the
equation:

Gain(V ) = V oxelGain(V ) · e−dist(V )·λ1 ,

where V oxelGain(V ) is the amount of unexplored area that
is explored from the node, dist(V ) is the distance from the
agent’s current position to the node, and λ1 is a parameter that
penalizes travel distance.

The local RRT is searched to find the branch within the
planning horizon that contains the nodes that give the highest
cumulative gain using the equation:

Gain(B) =
∑

V j
i ∈Bi

Gain(V j
i ) · e

−DTW (Bi)·λ2 ,

where V j
i represents the ith node in branch Bi, DTW (Bi)

is the similarity between the last selected branch and branch
Bi which reflects the current movement direction, and λ2 is a
parameter that penalises change in movement direction.

This branch represents the path within the planning horizon,
that will approximately explore the biggest area of unexplored
space, and thus the last node in the branch is selected as the
next destination. Once the agent has moved to the node, it
is set as the new root of the local RRT, and the exploration
stage is run again, expanding the local RRT. An example of
this RRT expansion and pruning can be seen on Figure 1
For each iteration of the exploration stage, the viewpoints of
every branch with positive gain will be stored as a vertex in a
global Rapidly-exploring Random Graph (RRG) [11]. Every
time a vertex is added, a connection between it and the closest
existing vertex will be created. Furthermore, if any existing
vertices meet both of the following conditions a connection
between that vertex and the new vertex will also be created.

2



Fig. 1: Exploration stage. (a) shows the RRT as a blue graph and local
frontiers from the previous iteration as yellow circles. Unexplored space is
represented by grey, walls as black, and explored space as white. The green
square represents the planning horizon of that iteration. (b) shows the RRT
expansion where orange dots are the newly added nodes and light blue dots
are the pruned nodes [5].

{
DE(v, vnew) < δ

DG(v, vnew)/DE(v, vnew) > γ
,

where Euclidean distance is represented by DE and the
shortest distance between the new vertex and the nearest vertex
is represented by DG. The two parameters δ and γ are used
to restrict how many connections that are added to the graph.
δ is a fixed length that connections have to stay below and γ
is a factor to ensure that new connections have to be within a
certain amount of the already established connection.
If no frontiers can be generated in the exploration phase the
agent will switch to the Relocation Stage. In this stage, the
agent will find the global frontier closest to its current position
and set it to its next position. The agent will then utilize the
RRG to move towards that global frontier. When the agent has
arrived at the destination it will switch back to the exploration
stage.

The algorithm terminates when no new frontiers can be
generated and there are no global frontiers the agent can
relocate to.

III. SHORTCOMINGS OF MAES3D AND SOLUTIONS

The current implementation of MAES3D leaves a lot of fea-
tures to be desired. This section will discuss the shortcomings
of MAES3D mentioned in future work of the first report in
Appendix B, and also shortcomings thought of after the report
was publicized. Furthermore, solutions will be proposed to
alleviate the mentioned shortcomings.

A. Sensing the Environment

Currently, the agents sense the environment by raycasting to
every cell that is on the edge of a sphere with the radius of
the agent’s observation range. While this ensures that every
cell within the observation range will intersect with one of
the rays it also means that the number of rays required
increases with the surface area of the sphere with a radius of

the agent’s observation range. Furthermore, additional checks
are performed for each cell as a ray intersects to ensure
that it is not obstructed by other parts of the environment.
The computational expense of these operations means that a
balance needs to be found between an acceptable observation
range and computational overhead that will not slow down the
simulation. During testing, it was found that this balance was
reached with an observation range of 5 voxels.

Given that the environments can reach a maximum of 1003

voxels, this 5-voxel observation range poses a considerable
limitation to the agent’s sensing ability.

This problem can be addressed by optimizing the raycasting
algorithm to allow for an increased number of rays to be
projected without a decrease in performance. This would
allow us to develop a method of sensing that is based on a
LiDAR system with an increased range where the observation
resolution at longer distances is still acceptable due to the
increased number of rays.

B. Movement

The current implementation of the agent’s movement does not
reflect the behavior of movement for real-world drones. As
of right now, they do not possess the ability to accelerate and
decelerate, meaning they reach a top speed instantaneously and
come to a halt immediately when reaching their destination.
Furthermore, the start-up and stop time of the rotation when
turning is also instantaneous.

To improve on this, we would like to add a way for the
agent to accelerate and decelerate when moving and rotating.
For moving, the agent generates speed over time when starting
to move, holding a constant speed, and decreases the speed
when the agent is at a set distance to the destination allowing
enough time for stopping. The same rule should apply when
rotating. Here, the agent’s rotation speed increases, holding a
constant speed, and decreases when it is nearing the specified
angle and coming to a halt.

C. Visualisation of Explored Areas

There is currently no way to see what part of the map has
been explored. This makes it a guessing game whether or not
the agent is heading toward the last unexplored areas when
the exploration is almost complete. MAES visualizes what
has been explored by highlighting tiles the agent has seen
using a green color, and a blue color to highlight what an
individual agent has seen when it is selected, as seen on the
video demonstration of MAES available on Youtube at [4].

Replicating what MAES does can obstruct the user’s vi-
sion of the agents in three-dimensional space – highlighting
voxels in free space using a semi-transparent color around
the agent(s). Another idea is to highlight the faces of walls
that have been explored. However, having multiple layers of
pathways blocking the vision can make it near impossible to
find the walls that have been highlighted or vice versa in the
center of the map.

Thus, we think the most elegant solution to this problem is
to do the inverse of what MAES does. This means highlighting
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voxels in free space that have yet to be explored with a semi-
transparent color. The unexplored voxels in free space are
easily distinguished from explored voxels and do not obstruct
the user’s vision of agents as they do not reside inside the
semi-transparent colored voxels.

D. Map Generator
The map generator in MAES3D works by randomly decid-

ing whether each voxel in the map grid should be free or a
wall and performing iterative smoothing on this random grid
to achieve a cave-like structure. Due to the highly randomized
nature of this process along with the culling of smaller,
unconnected pockets, the maps that are generated can vary
greatly in size from the specified map size. E.g. a map
generated in a 1003 might end up with a resulting map that
fits inside a 503 grid.

When creating a map, the generator itself uses some vari-
ables that result in the map structure being denser with fewer
open areas the bigger the map got. These variables include the
fill ratio of the initial map before smoothing and the amount
of smoothing iterations a map went through before being used
for the simulation.

In this generator, the final generated map is entirely de-
pendent on the initial random distribution of voxels and the
number of smoothing iterations. The pair of values that control
the chance of a voxel being filled and the number of smoothing
iterations have a narrow range of producing acceptable maps
which greatly limits the amount of control a user can have.

When smoothing a map, it was decided to use the Moore
neighborhood method [12] with 13 or less being the number
of neighboring walls needed to remove a wall, and 14 or more
to add a wall. Both the method and the number of neighboring
walls needed to add/remove a wall while smoothing, are
variables that could be determined by the user to create a
structure more to their liking.

Creating a new map generator designed to always utilize
the entire available map grid and offer the user more config-
urability over the generation will allow the user to generate a
more varied set of maps with a more predictable output. This
will be done by generating and connecting spheres in the map
grid where the parameters that control the sphere generation
are configurable by the user.

Furthermore, the only way to generate a specific map more
than once is to input the same parameters, such as size and
seed, both times. If a map is generated with a random seed
it is currently not possible to extract the seed meaning that
generating that same map on-demand is not possible. This can
present itself as a problem if a user wishes to see the effects
of a change in an exploration algorithm by running it on the
same map without having to remember the exact parameters.

To solve this, a file format will be designed that allows a
user to store a specific map after generation on the disk so it
can be loaded for later simulations.

E. Camera and User Interface
There is currently no way to interact with the simulation
while it is running. A user can only stop or start a new

simulation overriding the previously running simulation. Also,
the camera is static with an overview of the map and cannot
be manipulated, e.g. following an agent or rotating around the
map.

The only way to actually navigate the map is to enter the
scene view in the Unity application while a simulation is
running. Here, you can move the camera using the built-in
key binds (W, A, S, and D) and hold the right mouse button
down to rotate the camera. This poses some problems, such
as the UI is not visible and that functionality is not supported
when the framework is running outside of Unity as a stand-
alone application.

To solve this, we would like to look at ways to improve
the user experience when spectating the exploration, while
simultaneously making it easier to observe specific agents
when testing. A solution is to have a fixed point on the center
of the map and agent(s) the camera can rotate around. There
should also be displayed additional information in the UI if
an agent is selected, which e.g. can be the ID of the agent,
where it currently is, and customized information parsed from
the chosen algorithm.

F. A* Pathfinding

The current implementation of the A* Pathfinding algorithm
works for what it currently has to do. The algorithm is used
when an agent has to move from A to B and there is not
a direct line of sight from the current position. The only
algorithm currently using A* is LVD, which only moves to
voxels it can physically see, and occasionally have to navigate
around the corner of a wall to reach said voxel. This means that
current paths calculated using A* are not complex. However,
they do become more complex when we want to explore
frontier-based algorithms such as DSVP. Here, the agent has
to potentially navigate from one side of the map to the other
side, making the paths more complex and thus taking a long
time to calculate.

This poses a problem, as the calculation made with A* is
done on the main thread in a single cycle, meaning the update
loop is halted and therefore freezes the framework until a valid
path is found.

Here, we would like to explore alternatives such as using
coroutines and multi-threading. Having the algorithm execute
on a separate thread using multi-threading breaks the determin-
istic behavior of the framework, as the algorithm is executed
outside the bounds of the fixed update loop and the time
to calculate a path is dependent on the performance of the
processor. Thus, running the same scenario on two different
setups can produce different outcomes. A way to keep the
framework deterministic is to use A* as a coroutine. Here,
the main loop of A* runs a predetermined amount of times
on the main thread and then yields control back to Unity.
This is repeated every time fixed update is called and gives
the illusion of multi-threading. Therefore, two different setups
will produce the same path in the same amount of fixed update
cycles – keeping it deterministic.
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IV. OUR PROPOSED MAES3D FEATURES

This section will go through the design choices for the
solutions for the shortcomings mentioned in section III, as
well as how they are implemented in MAES3D.

A. LiDAR-based sensing

A new method for sensing the environment has been developed
that emulates a LiDAR system. In a 2D setting, LiDAR works
by projecting beams through evenly spaced points in a circle
around the agent and measuring the distance of impact with
an object. This approach will be modified to 3D by projecting
beams through approximately evenly spaced points in a sphere
around the agent. This will result in an implementation where
it is not guaranteed that every cell within the desired obser-
vation range will intersect a ray. However, by optimizing the
raycasting algorithm and calculation, the number of rays that
are projected can be raised enough that the loss of precision
of individual rays can be compensated for by the increase in
the number of rays.

To place the approximately evenly spaced points on a
sphere, a method has been implemented that maps a Fibonacci
lattice onto a sphere based on the methods described by Martin
Roberts [13]. First, the number of desired projection beams is
mapped as evenly spaced points on a unit square using the
Fibonacci lattice:

ti = (xi, yi) =

({
i

ϕ

}
,
i

n

)
for 0 ≤ i ≤ n

where ϕ is the golden ratio, n is the desired number of rays,
and { i

ϕ} is the factional part of i
ϕ . This Fibonacci lattice works

by placing the first point at (0, 0) and displacing the next
point ϕ along the x-axis (and using the modulo operator to
wrap it to be within the [0, 1] interval) and 1

n−1 along the
y-axis effectively placing each point in a distinct row. As ϕ
is the most irrational number it not only ensures that two xi

values are never equal, it also maximizes the minimum nearest
neighbor distance and avoids the x values clumping together
[14].

These points can be mapped from the 2D cartesian coor-
dinate system, represented by the coordinates (x, y), onto the
surface of a sphere in spherical coordinates, represented by
the angles (θ, ϕ), with the formula:

(x, y)→ (θ, ϕ) : (2πx, arccos(1− 2y))

The resulting point can further be converted into a point in the
3D cartesian coordinate system, represented by the coordinates
(x, y, z) using the formula:

(θ, ϕ)→ (x, y, z) : (cos(θ)sin(ϕ), sin(θ)sin(ϕ), cos(ϕ))

How the points are mapped from a unit square onto a sphere
can be seen on Figure 2.
Transposing these points so that the agent is in the center of
the sphere, rays are projected from the position of the agent
through each of the points thus creating a set of evenly spaced
beams around the agent.

Fig. 2: Fibonacci lattice of 200 points mapped onto a square and a sphere
[15]

Like the old method for sensing, the projected beams are
based on the grid traversal algorithm proposed by Amanatides
& Woo [16], however, as opposed to the old method, the rays
are now projected past their target point, continuing until a
wall is intersected.

B. Directional sensing

The methods described in subsection IV-A simulate a 360◦

field of view (FOV) sensor. Sensors with a less than 360◦ FOV
can also be implemented by utilizing the intermediate repre-
sentation of the points as spherical coordinates represented
by the angles (θ, ϕ). A sensor with a less than 360◦ FOV is
emulated by only using the points where the θ and ϕ of the
angular representation are both less than the desired FOV.

C. Map Generator

The ability to further customize the old map generator has
been added. The user is now able to set the fill and smoothing
variables, where the old values are used as default in case the
user does not specify any.

Additionally, a new map generator has been designed with
the goal of giving the user more control of the resulting map
by exposing more variables. This map generator works by
generating and carving out spheres at randomized positions
within the map grid. These spheres are generated until a certain
percentage of the voxels within the map grid have been carved
out. When this percentage of voxels has been carved out of
the map grid, the generated spheres are connected by creating
tunnels between nearby spheres.

Continuously generating spheres in the grid until a certain
percentage has been carved out ensures that the maps that are
generated adequately utilize the map size that was selected by
the user addressing one of the main issues of the old map
generator.

Furthermore, giving the user the ability to control the thresh-
old also allows the user to use this to control the openness of
the generated maps. I.e. a low threshold will result in sparsely
placed centers connected by long corridors whereas a high
threshold will result in larger, more interconnected areas. The
intricacies of the generated maps can further be adjusted by
allowing the user to control the range of the radius of the
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Fig. 3: Maps generated by the new map generator. (a) shows a map generated
with a low fill percentage and small spheres. (b) shows a map generated with
a higher fill percentage and larger spheres.

generated spheres as well as the number of tunnels that are
connected to each sphere.

As compared to the old map generator, the enhanced cus-
tomization options in the new map generator, allow the user
to test the exploration algorithms in a much more diverse set
of environments as shown on Figure 3. This allows the user
to gain a deeper insight into scenarios a specific exploration
algorithm excels in.

D. Map Exporting and Importing

To allow a user to reuse a map in multiple simulations
without having to remember the specific configuration of the
generator such as the seed, the dimensions, and the generator
parameters, the user is now able to export the map that has
been generated to a file that can be stored on the disk in
MAES3DMap (M3DM) format. The M3DM format is a novel
format designed specifically for storing MAES3D maps. The
datastream of an M3DM file can be split into two distinct parts,
the header, and the data section. A summary of the contents
of an M3DM file can be observed on Figure 4

The header consists of 3 bytes or 24 bits. As MAES3D
supports sizes in each dimension in the range of 30 to 100
the size of each dimension will be stored as an unsigned 7-bit
number with a maximum value of 127. The remaining 3 bits
in the header define the data offset.

The data section contains the data that describes the layout
of the map. Since the map in MAES3D is represented as
a 3-dimensional array of boolean values, the data section
will consist of a sequence of bits that depicts a flattened
representation of this 3-dimensional array. That means that
an M3DM file that depicts a 50×100×75 map of a total of
350,000 cells will also have a data section of at least 350,000
bits. Since files are stored in bytes instead of individual bits, it
is highly likely that the number of bits necessary to represent
the map does not fit neatly into any number of bytes.

For example, a map of size 35×35×35 will contain 5,359
cells. This can not be neatly encapsulated in any number of
bytes and will be stored in 670 bytes at a total of 5,360 bits.
This leaves one leftover bit in the data section that is not a
part of the actual data.

1 ... 7 8 ... 14 15 ... 21 22 23 24 ...

Header

Depth Width Height Offset 

...

Data section

Data offset

24 + offset + depth × width × height

Data

24 + offset

Fig. 4: MAES3DMap (M3DM) file specification

The leftover bits are prefixed to the data as 0 values and
the number of leftover bits in the data section is stored as a
3-bit unsigned integer in the offset section of the file header.
The map import process will read the header to decode the
size of the map and the number of data offset bits. Since
MAES3D supports sizes in each dimension in the range of 30
to 100 it is first validated if each size value is within this
range. The importer then makes sure that the data section
contains exactly depth×width×height+offset

8 bytes before the
map rebuilding process is started. If there is a discrepancy
between the expected number of bytes in the data section and
the actual number of bytes in the data section, it indicates that
the file is not a valid M3DM file and that the map cannot be
constructed.

If the preliminary checks are cleared the map grid will be
constructed from the data section. First, the number of bits
indicated in the header will be ignored and any subsequent bit
is placed into a 3-dimensional array with the sizes indicated
in the header in the order. Lastly, to ensure that the map is
compatible with MAES3D the edges of the map are filled
with walls, and any smaller pockets that may be present are
filled in. Although every map generated by or exported from
MAES3D already fulfills the purpose of the last step, it is
still performed to ensure compatibility with maps that are
generated by external tools.

E. Camera and User Interface

In this new iteration of MAES3D, multiple camera features
have been implemented to better the interaction between the
user and the simulation whilst it is running. A new panel with
buttons has been added, the purpose of this panel is to move
the view between a general point of the cave and each agent
within the cave. In addition, keybindings for the numerical
keys have been added to change the camera position between
the agents and also the escape key for the cave view.

Functionality for camera rotation has been added to the
mouse, which is accessible by holding down the right mouse
button. This allows the user to rotate the camera 360 degrees
around the target. The user can use the left mouse button to
select an agent as the target for the camera.

When an agent is selected through any means, a panel
with information about the agent and the algorithm it is
running is displayed to the user. This panel allows for some
basic information like the current position, target position, and
current speed, as well as space for some custom information
that can be tailored to the specific algorithm in use by the
agent.
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Fig. 5: An overview of a cave with agents visible in the bottom left. The
red mesh shows unexplored voxels. The parts not covered in red have been
explored by the agents.

Furthermore, a toggle-able option of showing all unexplored
tiles has been added to help visualize what is left to be
explored in the selected simulation.

F. Visualisation of Unexplored Areas
In subsection III-C we talked about the possible ways to
visualize what has been explored and vice versa. Here, we
have added a way to visually identify areas that have yet to
be explored. This is done by giving every unexplored voxel a
semi-transparent red tint as seen on Figure 5. The red tint is
achieved by adding a mesh with a translucent red surface to
the scene whose shape is modified to reflect what the agents
have yet to observe. As modifying a mesh is a computationally
expensive process, the entire map grid is split into multiple
meshes where only the meshes that represent a voxel that has
been observed will be updated. For example, the exploration
visualization in a map of size 1003 will be composed of 64
meshes of size 253.

The first time a cell is observed by an agent, the position
of the cell is stored in a shared list. Every 10th fixed update,
the meshes that correlate to each point within the shared list
are updated to reflect the newly observed cells.

G. Alternative A* Pathfinding Methods

The problem listed in subsection III-F described the issues of
the current implementation of the A* pathfinding algorithm.
Here, we have implemented two additional methods in addi-
tion to the current existing method for calculating a path using
A*.

The first method takes advantage of multi-threading and
is an asynchronous method called MoveToAsync(). Here,

the path is calculated on a new thread. The second method
is a coroutine method called MoveToCoroutine(). In
Unity, a coroutine method allows you to spread a task across
several frames, the method can be paused in the middle of
the execution and return control back to Unity, and then
continue where it stopped on the next frame [17]. In other
words, the path is calculated across several frames, or in
this case fixed updates. In both methods, the agent enters a
busy state to indicate it is currently calculating a path, and
changes to moving state when a path is found. The already
existing method called MoveTo() is the same as before, and
calculates the path in a single go on the main thread.

This gives the user the freedom of choice to use any
of the three methods and not limit them to only one. Fur-
thermore, the number of iterations executed per update for
MoveToCoroutine() is adjustable by the user in the UI
with the default setting being 100 iterations each time a fixed
update occurs.

H. DSVP in Three-dimensional Space

For the DSVP algorithm to work in three-dimensional space,
changes to the two-dimensional aspect of the algorithm had
to be implemented. This refers to the local RRT, the global
RRG, and the planning horizon being expanded out in the
third dimension. Furthermore, since the algorithm is originally
designed for a single agent, additional behavior is needed to
allow the agents to effectively aid each other in exploring the
map.

When generating nodes for the local RRT, we have to
consider not only the width and depth but also the height.
Since every node generated should be within the planning
horizon, the horizon itself should be expanded into three
dimensions. With the planning horizon expanded, we can
simply check if the generated node’s x, y, and z coordinates
are within the planning horizon in relation to the agent’s
coordinates.

To allow multiple agents to run the DSVP parallel to each
other while exploring the cave in an efficient manner, an
adaptation was made to the DSVP algorithm. This adaption
refers to changing the algorithm from the LCM model to the
LCCM model. This change allows the agents to periodically
communicate with other agents within view/range of each
other.

Since MAES3D already has an implemented pathfinding
algorithm, this was used instead of the method described in
the original DSVP paper [5]. However, the goal is still to reach
the same destination as the original DSVP algorithm would.
Therefore, the local RRT is extended into a global RRT, instead
of using a global RRG. The global RRT will be used to find
a global frontier within the path of the agents, the same way
the original DSVP did with a global RRG.

The DSVP algorithm is split into two sub-algorithms:
Exploration which can be observed in Algorithm 1, and
Relocation which can be observed in Algorithm 2.

The purpose of the Exploration algorithm is to find the next
destination for an agent. This is done by generating an RRT
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Fig. 6: Illustration of the DSVP algorithm calculating the agent’s destination. The yellow and white tree in combination with the black and white tree forms
the global RRT, with the origin point in the cyan cross. The black and white tree itself represents the local RRT, with its origin in the blue cross. The purple
cube represents the planning horizon. The green crosses represent local frontiers, with the red line pointing at the selected frontier for the next destination.

with a basis in the agent’s current location Apos, the local
frontiers FL, as well as the prior iteration of the RRT. Then
afterward calculate the gain of each branch Bi in the new tree,
with the ultimate goal of traversing towards the node of that
branch.

Algorithm 1 Exploration

1: Set root position Apos and local frontiers FL

2: Update FL selected

3: RRTL ← DynamicExpansion()
4: BestGain← 0
5: for i from 1 to RRTLmax

do
6: Compute Gain(Bi)
7: if Gain(Bi) > BestGain then
8: Gain(Bi)← Gain(Bi)
9: BestBranch← Bi

10: end if
11: end for
12: PreviousTree← CurrentTree

The purpose of the Relocation algorithm is to find the global
frontier closest to the agent, and then find the node in the
global RRT closest to that frontier. First, we set a variable
to be positive infinite. Then we traverse through all global
frontiers in FG, where FGmax is the number of global
frontiers, and check their distance to the agent. The distance

will be stored in Dist if the value is smaller, and the global
frontier is stored in Fbest.

Once the closest global frontier is found, we iterate through
all nodes in the global tree, and find the node closest to said
global frontier.

Algorithm 2 Relocation

1: Dist←∞ and Fbest ← NULL
2: for i from FGmax to 1 do
3: if FGi Dist < Dist then
4: Dist← FGi Dist

5: Fbest ← FGi

6: end if
7: end for
8: Dist←∞ and Nbest ← NULL
9: for i from RRTGmax to 1 do

10: if RRTGi Dist < Dist then
11: Dist← RRTGi Dist

12: Nbest ← RRTGi

13: end if
14: end for

V. PERFORMANCE TEST

The performance of the framework is tested and evaluated in
this section by performing benchmarks. The Benchmarks are
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Agents 5 10 15 20
Time to complete 30:07 30:23 32:13 36:22
Updates 705,973 688,614 682,114 576,215

TABLE I: The time it takes to complete a 30-minute simulation and number
of updates using the DSVP algorithm

Fig. 7: Average cycles pr. second for update and fixed update for 5, 10, 15,
and 20 agents using the DSVP algorithm

conducted on an identical map with the size of 100×100×100
voxels using various numbers of agents (5, 10, 15, 20) with
the DSVP algorithm running for 30 simulated minutes. The
computer used for the benchmarks has an i7-9700k [18] with
a max turbo frequency of 4.9 GHz as the Central Processing
Unit (CPU) and 16 GB of DDR4 ram at 3200 Mhz.

The matrix used for evaluation is the time-to-complete
90,000 update cycles in non-simulated minutes, and average
updates and fixed updates a second. The main logic of the
agents is executed using FixedUpdate() in Unity, which
is a native method called 50 times a second, resulting in 90,000
calls over 1,800 simulated seconds. The components that do
not require any determinism, such as the controller for the
camera, are updated every frame using Update() in Unity.

The time-to-complete 90,000 fixed update cycles in non-
simulated minutes and the total number of update cycles
using 5, 10, 15, and 20 agents can be seen in Table I. And
the average cycles pr. second for update and fixed update can
be seen on Figure 7 with the respective agent count.

The ideal number of fixed updates is 50 cycles a second. Here,
we can see on Figure 7 that 5 and 10 agents are close to 50
cycles/seconds, however as the agent count increases it starts
to waver off.

The biggest bottleneck is the communication between
agents. The local map for an agent is iterated through, by
using a for-loop, each time it has to communicate with another
agent. The bottleneck becomes exponentially worse as the
agent count increases and the number of times map sharing
occurs are:

1 + 2 + 3 + ...+Agent count− 1,

also known as triangular numbers [19]. In other words, the
10th agent has to share its local map with 9 other agents, and
the 9th agent has to share its local map with 8 other agents as

it already had communication with the 10th agent. This leads
to the following exponential function:

y(x) =
x2

2
− x

2
.

Therefore, the total number of times map sharing occurs for
e.g. 20 agents is 190 times. The map size used for the bench-
marks was 100×100×100 voxels, meaning the total number
of iterations that occurs are 1, 000, 000× 190 = 190, 000, 000
when all agents are visible to each other.

The majority of the additional 6 minutes and 22 seconds
spent for 20 agents, see Table I, is the byproduct of having
the communication on the main thread halting everything else
until it is completed.

VI. EXPERIMENTS

This section will describe the setup used and the results of
the experiments we conducted to evaluate the algorithms. The
algorithms (LVD, RBW, DSVP) are tested on 10 different
maps with three different sizes (i.e. 30 maps in total divided
into 3 different sizes) using 2, 5, and 10 agents. They terminate
after 30 minutes or 100% exploration has been achieved. The
settings for the simulation are:

• Duration: 30 minutes
• Agents: { 2, 5, 10 } agents

The new map generator, Sphere Connections, is used and the
properties of the maps we generate for the experiments are:

• Fill Ratio: 20%
• Sphere Radius: 3 - 8 voxels
• Sphere Connections: 3 connections
• Smoothing Iterations: 5 iterations
• WxHxD: { 503, 753, 1003 } voxels

We also used the method that calculates the path for A* using
a coroutine with the following setting:

• Coroutine Iterations (A*): 100 iterations
The performance matrix used to evaluate the algorithms is the
average exploration time over 10 maps with the same size for
a given algorithm. The exploration time is the time it takes
to explore all free voxels at least once. The results of the
experiments can be seen on Figure 8, 9, and 10.
The results for the experiments using maps with the dimen-
sions of 50×50×50 voxels with 2, 5, and 10 agents for each
algorithm can be seen on Figure 8. Here, we can see that
all of the algorithms are able to complete exploration, with
the exception of LVD using 2 agents and RBW using 2 and
5 agents, which reached an average of respectively 99.9%,
99.7%, and 97.7% exploration.

The results for the experiments using maps with the dimen-
sions of 75×75×75 voxels with 2, 5, and 10 agents for each
algorithm can be seen on Figure 9. Here, we can observe that
DSVP has a tendency to outperform the other two algorithms,
with the LVD being a steady second place. Surprisingly,
compared to 50×50×50 and 100×100×100, LVD and RBW
show similar results when there are 2 agents.
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Fig. 8: A comparison of the algorithms in a 50×50×50 map with 2, 5, and
10 agents using exploration % as performance matrix over 30 minutes. The
average result of 10 seeds.

Fig. 9: A comparison of the algorithms in a 75×75×75 map with 2, 5, and
10 agents using exploration % as performance matrix over 30 minutes. The
average result of 10 seeds.

Fig. 10: A comparison of the algorithms in a 100×100×100 map with 2, 5,
and 10 agents using exploration % as performance matrix over 30 minutes.
The average result of 10 seeds.

The results for the experiments using maps with the dimen-
sions of 100×100×100 voxels with 2, 5, and 10 agents for
each algorithm can be seen on Figure 10. Here, we can see
that RBW and LVD are closely aligned using only 2 agents,
however, LVD starts to perform better as the agent count
increases compared to RBW. DSVP is consistently better,
compared to LVD and RBW, and is the only algorithm able to
terminate by reaching 100% exploration with an agent count
of 10. Furthermore, DSVP is almost able to achieve 100%
exploration using only 5 agents, whereas LVD is close to 60%
and RBW 30% exploration.

VII. CONCLUSIONS

MAES3D is a framework for implementing, testing, and
comparing coverage and exploration algorithms in a three-
dimensional space. MAES3D comes with the ability to gen-
erate random seeded maps, and tools for implementing new
algorithms using an agent’s sensing, communication, and
movement abilities. MAES3D has also received several im-
provements, such as an improved sensing range, accelera-
tion and deceleration, an entirely new map generator, and
a better user interface with interactability making it more
a streamlined experience to work with. In addition to this,
a three-dimensional adaptation of a novel exploration algo-
rithm, DSVP, was implemented in MAES3D. Furthermore,
performance tests were conducted and showed that MAES3D
is able to support at least 10 agents using DSVP as the
algorithm. But, the performance starts to waver off as the
agent count increases because of the increased complexity
of inter-agent communication. Experiments showed that RBW
had consistently worse performance than both LVD and DSVP.
LVD came in 2nd place, whereas DSVP showed the best
performance in all scenarios beating both LVD and RBW.

VIII. FUTURE WORK

In this section, we propose possible avenues for future work
that can be implemented to further improve upon the capabil-
ities of MAES3D.

A. Optimized Communication

As described in section V, the most significant bottleneck
for the performance is communication. Optimizing this would
allow the simulations to run faster without the stuttering
caused by the communication computation. This improved
communication would, instead of comparing every cell of the
agents that have seen each other’s exploration maps, only
evaluate the cells that have been newly observed since the
two agents last communicated. This would require every agent
to keep a list of cells for each other agent containing the
cells that have been observed. When two agents get into
communication range of each other only the lists associated
with those two agents will be evaluated and emptied. This
means that consecutive communication phases between agents
would compare significantly fewer cells.

The computational overhead of the current implementation
is directly related to the size of the environment whereas the
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next new implementation is only dependent on how much an
agent has explored. This means that the optimized commu-
nication would possibly also allow for map sizes larger than
what is currently possible without it impacting performance.

B. Building Environment

A possible avenue for future work is to introduce a completely
new environment. In MAES [4], you can also construct maps
that resemble a building. Here, we would like to do something
similar, however, instead of only having hallways and rooms
we could also introduce staircases that lead to new floors.
This would require us to implement a new type of agent with
aerial behavior that can navigate the said environment, as this
is based on land and not underwater, which we will describe
in subsection VIII-C.

C. Aerial Drones

In addition to the underwater drone movement that the agents
possess, we would like for the drones to have an alternative
movement pattern that resembles the movement of an aerial
drone. This will result in the agent having the ability to
move in all cardinal directions, in combination with vertical
movement, all without having to rotate the direction the
drone is facing. Such movement patterns would be useful
when simulating above-water scenarios such as the Building
Environment.

D. Spawn Position

All agents start at empty voxels closest to the origin point (0, 0,
0) when creating a new simulation. However, when simulating
more specific maps, the user might want the agents to start in
specific locations, or distributed throughout the map.

A solution to this would be implementing a way to give the
user the ability to set one or multiple start locations or select
that the agents should be scattered randomly throughout the
map.

E. File Encoding

As described in subsection IV-D, the current implementation
of M3DM files treats the bits of the file directly as voxels in the
map, making the data section of e.g. a 50×50×50 map always
be 503 or 125,000 bits. As the files consist of long strings of
successive identical bits run-length encoding (RLE) [20] can
be used to greatly reduce the size of an M3DM file. In RLE,
instead of each bit indicating a single voxel, a group of a fixed
number of bits will indicate the number of successive identical
voxel values where the value of a voxel will be swapped for
every group. For example, using a group size of 3 the bits
110011001 will consist of the groups 110, 011, and 001. This
will get decoded as 6 solid voxels, 3 free voxels, and 1 solid
voxel.
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APPENDIX A
METHODOLOGY

For this section, we want to talk about how we worked on
the project during the 9th and 10th semesters, while also
mentioning what changed.

A. 9th Semester

The beginning of the 9th semester marked the start of the
development of MAES3D. Since the majority of the group had
no experience with Unity, the first part of the project revolved
around learning and familiarizing ourselves with the engine.
In essence, we tried to implement as much as possible, with
no knowledge of the complexity and implementation time of
the tasks, as we were learning the ins and out of Unity while
figuring out what was possible and vice versa.
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B. 10th Semester

For this semester, an initial list of features was devised, mainly
consisting of features discussed in the future works section of
the 9th semester. The familiarity and knowledge of working
with Unity gained during that semester allowed us to estimate
the complexity of implementing the proposed features. This
was done using planning poker where each feature was dis-
cussed and given an estimation in the form of a number in the
Fibonacci sequence. These estimations were used to create a
rough but flexible schedule for development, reminiscent of
a Gantt chart. This schedule included a 2-day buffer every
two weeks to allow for certain features to go slightly over the
allotted time and a designated period for discussing the work.
While the group consists of 3 project members, only 2 tasks
were designated overlapping time frames. This allowed two
members to, at all times, engage in pair programming where
it was deemed most beneficial as well as swapping out what
members worked on which features. A Trello board was used
to keep track of the designation of tasks marking them as ”to
do” and ”doing”, and also for marking features as ready for
code review before being considered done.

12



APPENDIX B

MULTI-AGENT EXPLORATION FOR THREE-DIMENSIONAL SPACE
– The following section is a verbatim copy of the project report developed in the previous semester found at [7] –
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1. Introduction

Exploration in swarm robotics refers to the task of traversing an initially unknown
environment for the purpose of gaining new information. This is also referred to as
Online Terrain Coverage (OTC) meaning that pre-processing the map beforehand is
not possible. Applications range from surveillance [10], search & rescue [4] [10] to
mapping environments [12]. In some of the applications, it is crucial to finish the task
in a minimal amount of time (e.g. search & rescue). Therefore, a tool for simulating
exploration algorithms is crucial to compare them against each other.

Popular simulation solutions include ARGoS [3] and Gazebo [6]. However, these
solutions can be difficult to set up and configure. The reason behind the difficulty in
setup and configuration is due to heavy emphasis on modularity and customisability.
Both modularity and customisability increase the complexity of the simulation for the
user. Furthermore, the requirements of the computing power can change vastly based
on the simulation, in some cases even requiring multiple computers or even clusters.
Another solution is the Multi Agent Exploration Simulator (MAES) tool [2], which
simplifies testing and comparing two-dimensional exploration and coverage algorithms
by developing a framework where the algorithms can act on common ground. ARGoS
and Gazebo both support three-dimensional scenarios as a result of their extensive
configurability, MAES on the other hand only support two-dimensional scenarios.

This project proposes a framework for simulating three-dimensional exploration and
coverage algorithms in a more accessible manner by expanding on the philosophy of
MAES. The framework will support agent movement in continuous space, with data
collection being based on a grid structure. Information sharing between agents will be
based on a limited vision restriction, meaning information will not be able to travel
through walls or extended distances. Furthermore, a seed-based cave generator is
included to ensure that algorithms can be compared to each other based on similar cave
layouts. The framework will be tested by implementing a modified three-dimensional
version of Random Ballistic Walk and Local Voronoi Decomposition.

1



2. Problem Analysis

An analysis of the problem will be conducted in this chapter. The analysis will
look into existing solutions for simulating multi-agent exploration, and existing two-
dimensional algorithms. Furthermore, a problem statement will be derived based on
the findings.

2.1 Existing Solutions

This section will go into some of the existing solutions within the branch of distributed
exploration using multiple agents.

2.1.1 ARGoS

ARGoS (Autonomous Robots Go Swarming) [3] is a tool that allows a user to simulate
a large number of robots in complex environments aimed at the study of swarm
robotics. ARGoS provides a solution that can simulate any type of robot in any
type of environment using a highly modular approach. This means that a user can
configure the robot’s abilities, using a wide range of virtual motors and sensors,
and environmental dynamics such as wind and water flow, and as such the physics
simulation of ARGoS is a fundamental part of bringing the simulations closer to a
real scenario. The highly modular nature of ARGoS also means that it requires an
extensive configuration process to get started involving the configuration of a robot,
the specific environment, and the physics that are applied.

2.1.2 Gazebo

Gazebo [6] is open-source software that allows users to create and simulate complex
environments for robots. It is commonly used for testing and evaluating robot
behaviour and performance. There are various physics libraries (e.g. for gaming,
robotics, and science), as Gazebo is designed on the premise that there is not a single
physics engine that is universally best for all simulation contexts. Furthermore, it
provides numerous sensor models designed to generate realistic data from simulation
environments. They can also be configured at run time to mimic specific real-world

2
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sensors. It also provides a library for exchanging data between clients (i.e. nodes) on
the same computer or multiple computers.

2.1.3 MAES

The paper [2] proposes a framework called Multi-Agent Exploration Simulator (MAES)
to test and compare different exploration and coverage algorithms, some of which are
used for grid-based exploration, in an unknown two-dimensional continuous space.
The paper utilised algorithms such as Random Ballistic Walk and Local Voronoi
Decomposition within MAES. The algorithms were tested on two different types of
maps, representing a cave and a floor of a building. The performance of the algorithms
was evaluated based on the amount of the map covered within a set time.

MAES is not developed as a tool to simulate the physics and capabilities of robots but
instead as a framework for running grid-based exploration algorithms in a continuous
space to compare them on a common ground. As such MAES provides a module for
generating environments and a robot that has been preconfigured in regard to its
movement and sensing capabilities. The configuration of MAES thus mainly consists
of providing an exploration algorithm that can control the agents.

2.2 Algorithms

This section will look at two approaches to the problem of two-dimensional exploration
and coverage in unknown environments.

2.2.1 Local Voronoi Decomposition for Multi-agent Task Allocation

The paper [5] proposes a two-dimensional exploration algorithm, Local Voronoi
Decomposition (LVD), that utilises the principle of divide and conquer. There is a
heavy emphasis on the divide part of the strategy, which is done by decomposing the
agent’s viewable space into Voronoi regions; the agents can determine their Voronoi
region by using local information and other agents within line of sight. The conquer
part of the strategy is simplistic and uses a greedy approach. The agent moves to the
nearest unexplored cell within its Voronoi region, and chooses from an ordered list if
there is more than one candidate. The agent uses occlusion points (i.e, corners of
obstacles that breaks the line of sight) to find unexplored cells when all cells, in the
current region, are explored. A comparison between LVD, Brick&Mortar, and Ant
algorithm showed that LVD produced the best results in a simulation, having the
lowest number of cycles elapsed for full exploration, and is close to the ideal time (i.e.
lowest amount of steps required for full exploration). Furthermore, the algorithm
brought overlapping of cells to a minimum; ranging from 1.72% to 20.20% depending
on the type of map.
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2.2.1.1 Voronoi Diagram

A Voronoi diagram, seen in Figure 2.1, is a partition of a plane with n points into
convex polygons (i.e. regions). The convex polygons are formed using generating
points (also refereed to as seeds or sites), and every point inside a polygon is closer
to its generating point than to any other of the generating points [11].

Figure 2.1: Illustration of a plane partitioned into convex polygons forming a Voronoi diagram
using the black dots as generating points [11]

2.2.2 Random Walk

Random walk describes a set of approaches where an agent explores an environment
by randomly changing the rotation and moving straight ahead. Thus, the agent is
required to detect collision (i.e, colliding with a wall or an agent), able to rotate,
and move straight ahead. There are several variations of random walks; Brownian
motion, correlated random walk, Lévy Walk, Lévy taxis and random ballistic walk. A
comparison between the aforementioned random walks showed that random ballistic
walk (RBW) produced the best results in a simulation having a better coverage of the
environment. In RBW, the agent continuously moves in a straight line until colliding
with either an obstacle or another agent [9].
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2.3 Problem Formulation

In this section, we describe the nature of the problem. Tools such as ARGoS (Section
2.1.1) and Gazebo (Section 2.1.2) provide an extensive library for simulating a wide
range of robots in a large number of scenarios using a highly configurable setup
process. In contrast, MAES (Section 2.1.3) simplifies this configuration process by
only focusing on developing an interface for bringing two-dimensional grid-based
exploration algorithms into a continuous space by providing a preconfigured robot
and generation of environments. However, we were unable to find a similar framework
that has the same functionality in a three-dimensional space.

"How do we make a framework for simulating three-dimensional exploration and
coverage algorithms using one or more agents in continuous space?"

The variations of Random Walks are described in section 2.2.2. Here, the forefront
Random Walk algorithm is the Random Ballistic Walk for exploration. This algorithm
is also used as a baseline exploration algorithm for comparison with other algorithms
in section 2.1.3. Section 2.2.1 proposed the Local Voronoi Decomposition algorithm
making use of local information to explore. This algorithm is also used in section
2.1.3 together with Random Ballistic walk. Thus, the two aforementioned algorithms
will be implemented to test the framework:

"How do we implement Random Ballistic Walk and Local Voronoi Decomposition in
the framework?"



3. Design

This chapter will go through the design of each part of the simulator, starting with
the cave generator, agents, and algorithms. This will culminate into an architecture
and finally go through the design of the user interface.

3.1 Cave Generation

This section will describe the design principles for generating a cave in a three-
dimensional space. The cave will be structured in a grid populated by voxels. A
Cellular Automaton will be applied upon the grid to carve out spaces, i.e, removing
voxels from the grid, so it resembles a cave-like structure.

3.1.1 Voxel

A voxel, derived from the word Volume and Pixel, represents a pixel with volume in
a three-dimensional space and will be used as a wall in the grid (Figure 3.1). They
are constructed using vertices, corners of a triangle, connected with lines. There are
eight vertices in total forming twelve triangles; two triangles for each side of the voxel.
The direction of the connection of the vertices, forming the triangle, decides whether
the texture faces outwards or vice versa. Thus, for the texture to be outwards, the
connections of the vertices have to be clockwise. For example, (0, 0, 0) → (0, 0, 1)
→ (1, 0, 0) → (0, 0, 0) and (0, 0, 1) → (1, 0, 0) → (0, 0, 0) → (0, 0, 1) to draw a
texture on one side of the voxel.

(0, 0, 0)

(0, 0, 1)

(0, 1, 1)
(1, 1, 1)

(1, 1, 0)

(1, 0, 0)

(0, 1, 0)

(1, 0, 1)

y

x

z

Figure 3.1: Illustration of a voxel
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3.1.2 Grid

To keep track of the cave we will create a grid of voxels. The grid will be created
based on a seed either generated or decided by the user. The seed will be implemented
to ensure the ability to test different configurations on the same map. The grid
will contain the state of the voxels within. The voxels can be three different states,
Unexplored, Wall, or explored. When creating the grid, each voxel will have a
predetermined chance of being either full or empty. The last state, explored, will be
utilised during the simulation. The empty state will be replaced with the explored
when an agent explores the area.

3.1.3 Cellular Automaton

Cellular Automation refers to the evolution of cells in a grid, based on a rule set
and step-based intervals. Cellular automation is often used in a two-dimensional
environment, but can be applied to three-dimensional environments as well [7].

For each step in the step-based intervals, the Cellular automaton iterates through
all cells in an environment, observing each cell and its neighbours. Neighbour-
hoods can be described in many ways, however the two most common ones are
Van Neumann Neighborhoods and Moore neighbourhoods, which can be observed in
Figure 3.2. Van Neumann Neighbourhoods consist of the cells sharing sides, meaning
in a two-dimensional grid it refers to the cells above, below, and on each side. Moore
neighbourhoods consist of the same cells as Van Neumann, with the addition of the
diagonal cells counted as neighbours as well [8].

NW N NE

W C E

SESSW

N

W C E

S

Moore Neighborhood Van Neumann Neighborhood

Figure 3.2: The figure displays the neighbours of C from the perspective of Moore Neighbourhood
and Van Neumann Neighbourhood respectively

With the information gathered from that environment, a new environment is created
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one cell at a time. Thus, the state of the cell either stays the same, changes from
filled to unfilled, or vice versa. Once all cells of the first environment have been
iterated through, and the second environment has been created, the new environment
then replaces the first environment and the step is complete. If the first environment
was changed as it was iterated through. The later cells would be adjusted based on
changed information, which will result in a chain reaction of either filled or empty cells.

In this project, a cellular automaton will be applied in a three-dimensional grid-
based environment. The starting environment will contain a three-dimensional grid
containing the predefined amount of voxels. These voxels will be randomly distributed
throughout the grid. The rule we would like to apply to the cellular automaton is:

• To fill the voxel if more than half of the neighbour spaces are filled

• To empty the voxel if half or less of the neighbour spaces are filled

This rule will ensure that over multiple iterations, the grid will smooth out and
resemble a cave-like structure.

3.2 Agents

This section will go through the design of the agent. This includes the movement of the
agent, how the agent sees the environment, and finally how the agents communicate
with each other.

3.2.1 Movement of the Agent

The two main mediums for 3D exploration are underwater and in the air. For our
simulation, it has been decided that underwater will be the target medium, and thus
the interface for moving the agents will reflect what is possible underwater. For this
purpose, the agents will move like a submarine. This means that the agents will be able
to move forwards in relation to the current rotation of the agent, and turn in place or
control the yaw to allow for control on the X- and Y-axis. Furthermore, the agents will
be able to control the depth and vertical position, to allow for movement on the Z-axis.

We do not use Unity’s provided physics tools for moving the agent due to the non-
deterministic and unreliable nature of this. While Unity’s physics system can be
implemented in a way that makes it deterministic, unreliableness is still a factor. This
presents a problem as we want to ensure that any movement the agents perform is
executed exactly as instructed. For this reason, we have implemented our own basic
functionality for moving the agent. This is a trade-off in the precision of movement
over the realism of movement. Furthermore, this means that Unity’s collision de-
tection tools are not available to us, therefore, we have also implemented our own
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functionality for this.

3.2.2 Sensing the Environment

To sense the walls of the environment, the exploration agents will be able to observe
walls that are within line of sight within the agent’s observation range.

Often, agents used for mapping purposes will use LIDAR (Light Detection and Rang-
ing) or image processing technology to map their surroundings. However, as the
purpose of MAES is to test exploration algorithms and not a robot’s sensing abilities,
this process is simplified.

Instead of simulating a LIDAR system, where a set number of evenly spaced beams
are projected and their collision point detected resulting in a point cloud, a raycast is
projected from the agent to each cell that is on the edge of the sphere around the
agent with a radius of the observable range. This means that at least one raycast will
pass through each cell that is within the observable range. Any cell that a raycast
passes through is marked as explored and if the raycast is obstructed the cell at the
position of the raycasts collision is marked as a wall. Furthermore, any cell the agent
moves through is marked as covered

While Unity does have built-in raytracing tools, the need for finding each cell a ray-
trace intersects and the opportunity for optimising the raytracing for grid traversal, a
customised raytracing solution will be developed based on the grid traversal methods
proposed by Amanatides & Woo [1].

This means that as the range is increased, the resolution of the environment detection
is not proportionally lowered as would be the case of simulating a LIDAR system.
Instead the number of beams that are projected increases with the observation range
as the amount of cells on the edge of the sphere increases. For example, when the
agent has an observation radius of 5, 360 beams will be projected and when the agent
has an observation radius of 6, 528 beams will be projected.

In addition to detecting the observable cells, the agent will also keep track of what
other agents are within line of sight. Due to this implementation of sensing being
computationally expensive, the agents take turns sensing each cycle, one at a time.

3.2.3 Communication

To be able to share the information an individual agent has gathered, the agents will
need to be able to communicate with each other. The communication will involve
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distributing the map of cells an agent has discovered while moving through the
environment with other agents that are within view. This process can be generalised
into two distinguishable processes: Keeping a register of which agents an agent has
seen and merging an agents maps with the maps of agents it has seen.

The register of agents an agent has seen is directly available from the sensing as
explained in section 3.2.2. The merging consists of iterating through every cell of
the map and checking whether any unobserved cells have been observed by an agent
from the register. This merging results in a computationally expensive process that
gets more expensive as the environment gets bigger and more agents are added to
the simulation.

3.2.3.1 Tags

In two-dimensional multi-agent exploration, dropping tags is also used as a com-
munication option. These can be used to deposit information and allow agents to
communicate with the tag as if it was a stationary agent. These tags will not be
implemented as there is no logical way for these to work with three-dimensional move-
ments in mind without falling to the ground or floating to the top in the environment
we are simulating.

3.3 Algorithms

This section will go through the design choices and pseudo code for the RBW and
LVD algorithms and the required changes to make them work in a three-dimensional
space.

3.3.1 Random Ballistic Walk

When creating RBW, we want to mimic the algorithm the paper in section 2.1.3
used, albeit in a three-dimensional space meaning touching the floor or ceiling is also
an option, as seen in Algorithm 3.1. To do this, each agent starts facing a random
direction. When the simulation begins all agents will begin to move in their facing
direction until they collide with a wall, ceiling, or floor. When colliding with a wall,
the agent will rotate a random amount between 90 to 270 degrees on the vertical axis,
and continue in that direction. When colliding with the floor or ceiling, the agent
will pitch a random amount between 15 and 45 degrees perpendicular to the object
that the agent collided with, and continue in the same direction as prior to the collision.

1 move
2 if the agent touches a wall then
3 rotate a random amount between 90 and 270 degrees
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4 else if the agent touches the floor or ceiling then
5 pitch a random amount between 15 and 45 degrees perpendicular to

the object collided with
6 end if
7 go to 1

Algorithm 3.1: Random Ballistic Walk

3.3.2 Local Voronoi Decomposition

The algorithm for LVD can be seen in Algorithm 3.2 and is split up into two steps:
Get Region Step and Navigation Step. The Get Region Step is the divide part of the
strategy, where the closest voxels are assigned to an agent within the Field of View
(FoV) of said agent to form a region. After that, the algorithm uses a greedy approach
to explore the voxels within its region in the Navigation Step. The agent traverses to
the closest unexplored voxel, and if there is more than one, it goes through them in
an ordered list (e.g. north, east, south, west, up, down). The algorithm enters Search
Mode if there are no unexplored voxels within the region.

1 Get Region Step // Divide part of the strategy
2 for all cells within view do
3 if the voxel is nearer to itself as compared to all other agents

within view then
4 mark the voxel as within region
5 end if
6 end for
7 Navigation Step // Conquer part of the strategy
8 if there is just one nearest unexplored cell that is within region

then
9 move to it

10 else if there are more than one nearest unexplored voxel then
11 move in an ordered list , eg. [North , East , South , West , Up , Down]
12 else
13 Search Mode
14 end if
15 go to 1

Algorithm 3.2: Local Voronoi Decomposition from [5] configured to three-dimensional space

The algorithm for Search Mode can be seen in Algorithm 3.3 and is used for finding
unexplored voxels by traversing to or swinging around occlusion points. Occlusion
points are places that break the line of sight and the agent can therefore gain new
information by visiting them. The Search Mode is exited when unexplored cells
appear in the agent’s region. The agent prioritises occlusion within points that have
not yet been visited during Search Mode. In case all the occlusion points have already
been visited, the agent traverses to the least recently visited. If there is only one
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occlusion point and it has recently been visited, or no occlusion points at all, the
agent traverses to the boundary of its region which does not coincide with any wall
or obstacle. The agent stores all the occlusion points it has seen, as it needs to keep
track of which is the least recently visited one, but it only considers the occlusion
points within its FoV when figuring out where to go.

1 if at any time an unexplored voxel appears within region then
2 exit Search Mode and go back to Algorithm 1
3 end if
4 if there is at least one occlusion point which has not been visited

during the Search Mode then
5 move to the nearest occlusion point which has not been visited
6 else if all occlusion points have already been visited then
7 move to the least recently visited occlusion point
8 else if there are no occlusion points or if the only occlusion point

has just been visited then
9 move to the nearest Voronoi boundary which does not coincide with

any wall or obstalce
10 end if

Algorithm 3.3: Search Mode from [5] configured to three-dimensional space

3.4 Architecture

Each computational cycle of MAES3D follows the principles of the Look Compute
Move (LCM) model and is inspired by the architecture of MAES. In LCM, every
cycle is divided into 3 distinct phases that are executed independently by each agent;
the look phase, compute phase, and move phase. However, since this model is catered
towards single-agent use cases and non-communicating agents, the phase of an agent
communicating with other agents is added, creating the Look Compute Communicate
Move (LCCM) model. The communication phase is placed after the compute phase
to accommodate the possibility of allowing exploration algorithms to control the sent
messages, and before the move phase to ensure that any agent seen in the look phase
is still within line of sight when a potential message is sent.

The execution of the cycle will be handled by an overarching module, the simulation
itself. In the simulation, each phase of the LCCM cycle is handled by its own distinct
module. These modules consist of one exploration manager responsible for handling
the look phase and one communication manager responsible for handling the commu-
nication phase. The move phase will be handled by each individual agent internally
and the compute phase will be handled by the instance of an exploration algorithm
that each agent contains. An illustration of the components of the simulation and
how they are connected can be seen in Figure 3.3.
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Figure 3.3: Class diagram of the simulation

3.4.1 Look phase

The first phase of the Look-Compute-Move-Communicate model is the Look phase.
This phase senses the environment, the information which lays the foundation of what
the exploration algorithm in question bases its decisions on in the compute phase.
Sensing the environment refers to detecting the cells within view and observation
range of the agent as well as whether these cells contain a wall or not. An illustration
showing the components used in the look phase can be seen in Figure 3.4.

The process of the agents making observations is handled by the exploration manager.
The exploration manager is a property of the simulation itself and is instantiated when
a new simulation is built and thus decides how every agent senses its environment.
As every agent has the same sensing capabilities, having one module that handles
the sensing of every agent allows us to precompute and store the raytracing lines
described in section 3.2.2 once, instead of for each agent.

Each cycle, the exploration manager scans the area around an agent, and any cell
that is within range and within view of the agent has that cell marked as explored
in its exploration map. The exploration map itself is a property of the individual
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agent and keeps a record of not only every cell the agent has observed and covered
but also whether it has observed a wall or a free space on this cell. Furthermore,
it stores a representation of what cells are currently in its view. Both the record
of every observed cell and the representation of the cells currently in view is stored
in a three-dimensional array, like the environment map itself. Besides the cells in
view, the exploration map also keeps track of what agents are within view of the agent.

The exploration map keeps track of everything the exploration algorithm needs to
compute the next position of the agent. The exploration algorithm can access this
through various methods provided by the agents IAgentController interface.

AgentController

- _currentStatus: Status

+ UpdateLogic()

+ UpdateMovement()

Simulation

+ ExecuteStep()

ExplorationManager

+ UpdateMaps(agents)

ExplorationMap

- _map

- _currentView

+ GetMap()

+ GetCurrentView()

+ UpdateMap()

Agent

+ LogicUpdate()

+ MovementUpdate()

1
1

1

1

1
1..*

1
1

Figure 3.4: Class diagram of the components used in the look phase

3.4.2 Compute Phase

In the compute phase, an agent will make use of the information gathered in the look
phase to make a decision on where to move in the move phase.
As MAES3D is intended to be a simulation for testing exploration algorithms, the
compute phase does not have a distinct implemented process. Instead, a framework is
set up that gives an exploration algorithm access to the information that is needed to
make a decision about where to move next. An illustration showing the components
used in the computer phase can be seen in Figure 3.5.

An exploration algorithm has access to its associated agent’s information through
the methods exposed by the IAgentController interface. This interface allows an
exploration algorithm to access not only the current view of the agent, through
the GetCurrentView() method, but also the entire map of what that agent has
discovered so far through the GetMap() method. An exploration algorithm will use
the information received from these methods to make a decision on where the agent
should move next depending on that specific exploration algorithm.

When an exploration algorithm has decided on the agent’s next location it will
command the agent to move to that location. An exploration algorithm controls its
associated agent through IAgentControllers various move and turn tasks such as
MoveUp(), MoveDiagonal(), and Turn() all of which take appropriate parameters for
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deciding for example how far an agent should move. Furthermore, IAgentController
also exposes a method, MoveToCell(), which strings together movement tasks that
reach the desired cell.

The methods mentioned are implemented by an agent inheriting the IAgentController
interface, defining how they are performed. Giving the exploration algorithm access
to only the methods exposed by the interface opens the possibility of later defining
agents that move or sense differently, by changing the implementation of the methods,
while keeping the exploration algorithms compatible.
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+ UpdateLogic()

Exploration
algorithms _controller

AgentController

- _currentStatus: Status

+ UpdateLogic()
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Agent
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1

1

1..*

1

<<Interface>>
IAgentController

+ GetMap()
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+ GetCurrentCollision()

Figure 3.5: Class diagram of the components used in the compute phase

3.4.3 Communicate Phase

Sharing exploration maps refer to the inter-agent communication that may occur
when two or more agents are within line of sight of each other as well as within
communication range. Here agents will share the information about the environment
gathered in previous cycles thus distributing knowledge among agents, thus giving
each agent more information to use in the compute phase. An illustration showing
the components used in the communication phase can be seen in Figure 3.6.

The process of the agents sharing information is handled by the communication
manager. Like the exploration manager, the communication manager is a property of
the simulation itself and is instantiated when a new simulation is built and decides
how the agents share their independently collected maps.

As explained in section 3.2.3 the process of sharing maps can be split into two distinct
processes: Keeping a register of which agents have seen which other agents and merg-
ing the maps of agents that have seen each other. Because of the computationally
expensive nature of the merging, this process will be run at a fixed interval whereas
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the computationally inexpensive process of keeping a register will be run every cycle

Every cycle, the communication manager uses the agents discovered in the look phase
to keep a register of which agents have seen which other agents since the last time
the communication manager called a map merge. When a map merge is called, the
exploration manager updates each agent’s map by merging it with the map of the
agents that it has seen since the last merge was called.

Separating the functionality of the communication manager into one computationally
inexpensive action that will be run every cycle and one computationally expensive
action that will be run at a fixed interval ensures that the simulation will run at the de-
sired speed most of the time. This, however, does mean that there is a chance that two
agents will share data with each other that was acquired after they observed each other.

AgentController

- _currentStatus: Status

+ UpdateLogic()

+ UpdateMovement()

Simulation

+ ExecuteStep()

ExplorationMap

- _map

- _currentView

+ GetMap()

+ GetCurrentView()

+ UpdateMap()

Agent

+ LogicUpdate()

+ MovementUpdate()

CommunicationManager

+ ShareMaps(agents)

1

1

1

1 1
11..* 1

Figure 3.6: Class diagram of the components used in the communication phase

3.4.4 Move Phase

In the move phase, an agent will act upon the decision made in the compute phase.

When one of the previously mentioned move or turn methods is called from an
exploration algorithm, the associated agent will have to act upon this command to
move. How an agent reacts to one of these calls depends on the implementation of
the method within an AgentController class however there is a basic structure of
these methods. An illustration showing the components used in the move phase can
be seen in Figure 3.7.

When a movement method is called from an exploration algorithm, the agent will
translate that call into a task that is an instance of the ITask interface that will be
stored by the agent. In each movement phase the agent will query the task for how
it should move in this cycle using the GetMoveInstruction method that is exposed
by the ITask interface. While the task itself keeps track of how far an agent needs
to move and how much it has to turn, the GetMoveInstruction gives the agent
information about how that movement is interpreted on a cycle-per-cycle basis in the
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form of individual instructions that itself is an instance of the MoveInstruction class.

Each move instruction tells the agent how much to, in this cycle, move the agent in
the relative x and y direction as well as how much the agent should turn.

Once a task is complete, meaning the agent has processed enough move instructions
to exhaust the task of the remaining distance, the agent will discard the task and
set its status to idle. This indicates to the exploration algorithm that the agent has
completed the previous task it was given and is ready to take on a new task.

MoveTask

+ MoveTask(angle, distance)

TurnTask

+ TurnTask(degrees)

AgentController

- _currentStatus: Status

+ UpdateLogic()

+ UpdateMovement()

<<Interface>>
ITask

+ GetMoveInstuction(): MoveInstruction

+ IsComplete(): bool

Agent

+ LogicUpdate()

+ MovementUpdate()

Simulation

+ ExecuteStep()

1

1
1

1..*

MoveInstruction

+ HorizontalSpeed

+ VerticalSpeed

+ TurnSpeed

Figure 3.7: Class diagram of the components used in the move phase

3.5 User Interface

This section will talk about the design of the User Interface (UI) of the project. The
UI will be utilised by the user to set the properties of the simulation. Furthermore,
the UI should give some interactive functionality that the user can interact with for a
more pleasant user experience.

The UI should be split up into three different segments:

1. Properties for the Simulation

2. Properties for the Map Generation

3. User interactivity

To give a clear representation of the UI, a wireframe is constructed. The wireframe
in 3.8 should be considered while reading through the next 3 sections.
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Figure 3.8: Illustration of the wireframe for the UI

3.5.1 Simulation

The purpose of the simulation segment is to give the user the possibility to choose
the properties of the simulation. These properties are as follows:

• The number of agents

• The duration of the simulation

• The algorithm applied to the agents

The number of agents and the duration of the simulation will be represented by a
slider, with boundaries of 1-10 agents and 1-120 minutes. These sliders give the user
the opportunity for customising the simulation, while still keeping the simulation
within a sensible manner. Selecting the algorithm will be represented by a drop-down
menu of all the algorithms available to the simulator, with RBW as the default
value. The reason behind choosing RBW as the default value is that it is the baseline
algorithm you can use to compare with other algorithms.

3.5.2 Map Generation

The map generation segment will contain all the properties needed for creating a map
suitable for simulation. These properties are as follows:
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• Map Height

• Map Width

• Map Length

• Random seed indicator

• Seed input

The height, width, and length of the map will be represented by sliders with boundaries
of 30 to 100. The boundaries are based on what values will give a possible explorable
map, without creating a map big enough to impact performance. The random seed
indicator will be represented by a checkbox, which generates a random seed used
to create a random map if checked. Otherwise, it will enable the seed input, if not
checked, which is represented by a text box where the user can insert a custom seed
of their own.

3.5.3 User Interactivity

The user interactivity segment will contain buttons that the user can interact with as
well as the progress of the simulation: These buttons are as follows:

• Start the simulation

• Force stop the simulation

• Switch viewpoint of the simulation

The start simulation button will begin a simulation with all predefined properties of
both the simulation and the map generation. In the case of starting a simulation with
undefined properties, the user will be able to press the force stop button, which will
stop and delete the simulation. The last button, change viewpoint will loop between
cameras to give the user a better overview of the simulation and make it possible to
follow how the agents act within the environment.



4. Implementation

This chapter will go through the implementation of each part of the simulator. Each
section will include code listings with some of the implementation and explanatory
text to accompany it. Furthermore, an illustration of the product will be given
showing the implementation is working.

4.1 Cave Generation

This section will describe how we implemented the topics of section 3.1 to generate a
three-dimensional cave map.

4.1.1 Filling and smoothing the map-data

A three-dimensional boolean array is used to contain the data about each voxel,
either a wall or an empty space represented by a true or false respectively. This
array is then randomly filled through the PopulateVoxelMap() function displayed
in Listing 4.1. On lines 3-7, PopulateVoxelMap() uses either a predefined seed or
generates a seed based on the current time and date. On lines 9-11 three nested loops
are created representing the height, width, and depth of the chunk. On lines 12-14,
we set the current voxel to be a wall if it is at the edge of the map. If this is not the
case, we then on lines 15-21 generate a number between 0 and 100 using the seeded
random number generator. This number is then used to determine if the current
voxel in voxelMap[x,y,z] should be a wall or an empty space. In our case, we found
that creating a wall if the number was below or equal to 52 would lead to a cavelike
structure after smoothing. This variable can, however, be increased to get a more
close and more clustered cave structure, or decreased to get a more open and empty
cave.

1 void PopulateVoxelMap () {
2

3 if (useRandomSeed) {
4 seed = System.DateTime.Now.ToString();
5 }

20
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6

7 Random.InitState(seed.GetHashCode());
8

9 for (int y = 0; y < ChunkHeight; y++) {
10 for (int x = 0; x < ChunkWidth; x++) {
11 for (int z = 0; z < ChunkDepth; z++) {
12 if (x == 0 || x == ChunkWidth - 1 || y == 0 || y ==

ChunkHeight - 1 || z == 0 || z == ChunkWidth - 1) {
13 voxelMap[x, y, z] = true;
14 }
15 else {
16 if (Random.Range(0, 100) <= 52) {
17 voxelMap[x, y, z] = true;
18 }
19 else {
20 voxelMap[x, y, z] = false;
21 }
22 }
23 }
24 }
25 }
26 }

Listing 4.1: The PopulateVoxelMap() function which filles the voxelMap based on a seed

To create a cave-like map based on the voxel map created prior, we need to smooth
out the voxel map. To do this we implement a cellular automaton, seen in Listing 4.2.
On line 3, we create a clone of voxelMap. On lines 5-7, we iterate through all voxels
in voxelMap. On line 9, we check how many neighbors the current voxel has based
on a three-dimensional Moore Neighborhood. On line 11-16, we change the current
voxel to be full if there are more than 13 neighbours and empty if there is less than
or equal to 13 neighbours. The reason behind 13 is that it is half the amount of
maximum neighbours using the Moore Neighborhood method. Finally, on line 21,
voxelMap is replaced with the clone created prior.

1 void SmoothenVoxelMap() {
2

3 bool[,,] tempMap = (bool[,,]) voxelMap.Clone();
4

5 for (int y = 1; y < ChunkHeight - 1; y++) {
6 for (int x = 1; x < ChunkWidth - 1; x++) {
7 for (int z = 1; z < ChunkDepth - 1; z++) {
8

9 int neighbourWallCount = GetNeighbourWallCount(x, y, z);
10
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11 if (neighbourWallCount > 13) {
12 tempMap [x, y, z] = true;
13 }
14 else {
15 tempMap [x, y, z] = false;
16 }
17 }
18 }
19 }
20

21 voxelMap = tempMap;
22 }

Listing 4.2: The PopulateVoxelMap() is a cellular automaton which smoothes out the array
voxelMap

4.2 Agents

This section will display how the agent’s movement is implemented, as well as the
tasks an agent can fulfil.

4.2.1 Sensing the environment

The implementation of an agent’s sensing of the environment can be seen in Listing 4.3.
On line 5 the set of precomputed relative observation lines is iterated though. These
observation lines are calculated at startup and are the lines that go from an agent to
every cell in the edge of the sphere around the agent with a radius of the observable
range as described in section 3.2.2. On line 6 the method GetObservedCellsOnLine()
is called with the agent’s position and the observation line as arguments. This method
traverses the observation line relative to the agent’s position using the methods
proposed by Amanatides & Woo [1] and returns all the cells that intersected the
line. Each of these observed cells, they are checked against the voxel map of the
current configuration to see if they correlate to a wall or a free space and are marked
accordingly in the agent’s exploration map. If the cell is a free space it is also
marked as visited in the exploration manager’s internal map which is used to keep
a global record of what cells have been explored in order to report statistics to the user.

1 private void UpdateMap(SubmarineAgent agent) {
2 agent.Controller.ExplorationMap.ResetCurrentView();
3 Vector3 agentPosition = agent.Controller.GetPosition();
4

5 foreach (ObservationLine observationLine in _observationLines) {
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6 List<Cell> observedCells = GetObservedCellsOnLine(agentPosition,
observationLine);

7

8 foreach (Cell cell in observedCells) {
9 if (_voxelMap[cell.x, cell.y, cell.z] == true) {

10 agent.Controller.ExplorationMap.UpdateCell(cell,
CellStatus.wall);

11 }
12 else {
13 agent.Controller.ExplorationMap.UpdateCell(cell,

CellStatus.explored);
14

15 if (_exploredMap[cell.x, cell.y, cell.z] == false) {
16 _exploredMap[cell.x, cell.y, cell.z] = true;
17 _exploredTiles++;
18 }
19 }
20 }
21 }
22

23 Cell currentCell = Utility.CoordinateToCell(agentPosition);
24 agent.Controller.ExplorationMap.UpdateCell(currentCell,

CellStatus.covered);
25 SimulationSettings.progress = (_exploredTiles*100)/_explorableTiles;
26 }

Listing 4.3: Implementation of an agent sensing the environment

4.2.2 Example of a task

When the Move() method is called from an exploration algorithm, it sets the agent’s
current task to be an object of the class MovementTask. The constructor for the
MovementTask class can be seen in Listing 4.4. This constructor takes two parameters
from the call of the exploration algorithm that is the total distance the agent should
move and the vertical angle of the movement as well as one parameter which is the
speed the agent is able to move. This distance and angle are converted to a horizontal
and a vertical distance as well as a direction modifier that indicates if the agent
should move up or down on the y-axis. These values are then used to calculate a
normalised vector that equates to the direction the agent should move in.

1 public MovementTask(float angle, float targetDistance, float speed) {
2 float angleInRad = Mathf.Deg2Rad * Mathf.Abs(angle);
3

4 float forwardDistance = targetDistance * Mathf.Sin((Mathf.Deg2Rad * 90)
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- angleInRad) / Mathf.Sin(90);
5 float verticalDistance = targetDistance * Mathf.Sin(angleInRad) /

Mathf.Sin(90);
6

7 if (angle >= 0) {
8 _verticalDirectionModifier = 1;
9 }

10 else {
11 _verticalDirectionModifier = -1;
12 }
13

14 _directionVector = new Vector2(forwardDistance, verticalDistance *
_verticalDirectionModifier).normalized;

15 _targetDistance = targetDistance;
16

17 _speed = speed * Time.fixedDeltaTime;
18 _traveledDistance = 0;
19 }

Listing 4.4: Construct for the MovementTask class

Every cycle the agent calls the GetInstruction() method of its current task. The
GetInstruction() method for the MovementTask class can be seen in Listing 4.5.
This method returns an instance of the class MoveInstruction that indicated how
much the agent should move in this cycle. On line 4 it is checked whether the
movement of this cycle would go past the target distance. If not, a MoveInstruction
is returned that indicates that the agent should move along the direction vector at
full speed. If the movement would go past the target distance, a MoveInstruction
is returned that indicates that the agent should move along the direction vector only
the remaining distance of the task.

1 public MoveInstruction GetInstruction() {
2 float _remainingDistance = _targetDistance - _traveledDistance;
3

4 if (_traveledDistance + _speed < _targetDistance) {
5 _traveledDistance += _speed;
6 return new MoveInstruction(_directionVector.x * _speed,

_directionVector.y * _speed, 0);
7 }
8 else {
9 _isComplete = true;

10 return new MoveInstruction(_directionVector.x * _remainingDistance,
_directionVector.y * _remainingDistance, 0);

11 }
12 }
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Listing 4.5: The GetInstruction() function of the MovementTask

4.2.3 Applying movement to the agent

The ApplyMovement() is responsible for making an agent move according to the
current task. The method takes a MoveInstruction and applies it to the agent.
MoveInstruction is a simple object consisting of three properties: VerticalSpeed,
HorizontalSpeed and TurnSpeed each of which tell the robot how much to move in
the current cycle depending on the current task. On line 3 the horizontal and vertical
speeds of the instruction are translated into a velocity vector in world space. On
line 5 a sphere cast is projected along the velocity vector starting from the agent’s
position. This sphere cast returns true if a sphere would intersect another object,
such as the map and other agents, if moved from the position of the agent along
its velocity. This sphere cast works as collision detection. If a collision is detected
the code on lines 6-19 is executed and lines 7-15 sets the collision type of the agent
according to the normal vector of the surface where the collision was detected and
then cancels the current task of the agent. If a collision is not detected the code on
lines 22-24 is executed where the velocity is added to the agent’s position and the
agent is rotated according to the turn speed of the instruction.

1 private void ApplyMovement(MoveInstruction instruction) {
2

3 Vector3 vel = _transform.forward * instruction.HorizontalSpeed +
_transform.up * instruction.VerticalSpeed;

4

5 if (Physics.SphereCast(GetPosition(), 0.4f, vel.normalized, out
RaycastHit hit, vel.magnitude)) {

6 CollisionType colType;
7 if (hit.normal.y < Mathf.Sin(Mathf.Deg2Rad * -45)) {
8 colType = CollisionType.ceiling;
9 }

10 else if (hit.normal.y > Mathf.Sin(Mathf.Deg2Rad * 45)) {
11 colType = CollisionType.floor;
12 }
13 else {
14 colType = CollisionType.wall;
15 }
16

17 _currentCollision = colType;
18 _currentTask = null;
19 _currentStatus = Status.Idle;
20 }
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21 else {
22 _transform.position += vel;
23 _transform.rotation *= Quaternion.Euler(0, instruction.TurnSpeed, 0);
24 _currentCollision = CollisionType.none;
25 }
26 }

Listing 4.6: Implementation of applying movement to an agent

4.3 Algorithms

This section will go through how the agent tasks are utilised to replicate three-
dimensional exploration algorithms.

4.3.1 Random Ballistic Walk

The implementation of the logic for RBW can be seen in Listing 4.7. The method uses
a switch-statement for determining what to do in each scenario. The agent changes
the angle of direction if it collides with the floor (15 to 45 degrees) or ceiling (-15 to
-45 degrees). Secondly, the agent rotates between 90 and 270 degrees if it collides with
a wall. Otherwise, the agent defaults to continue moving in the direction it already had.

1 public void UpdateLogic()
2 {
3 if (_controller.GetCurrentStatus() == Status.Idle)
4 {
5 switch (_controller.GetCurrentCollision())
6 {
7 case CollisionType.floor:
8 _directionAngle = 45; // Random.Range(0, 90)?
9 _controller.Move(_directionAngle, 0);

10 break;
11 case CollisionType.ceiling:
12 _directionAngle = -45; // Random.Range(0, -90)?
13 _controller.Move(_directionAngle, 0);
14 break;
15 case CollisionType.wall:
16 _controller.Turn(Random.Range(90, 270));
17 break;
18 default:
19 _controller.Move(_directionAngle, 0);
20 break;
21 }
22 }
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23 }

Listing 4.7: Implementation of the logic for Random Ballistic Walk

4.3.2 Local Voronoi Decomposition

The implementation of the logic for LVD can be seen in Listing 4.8. The destination
variable on line 5 is a Cell and stores where the agent should traverse to. The variable
visibleAgents on line 7 stores the other agents within the FoV of the agent itself,
the variable currentView on line 8 stores the cells currently visible from the agent’s
position, and the variable map on line 9 stores the agent’s map. The agent enters
exploration mode on line 11. Here, the agent tries to find a cell within its own region.
The agent enters search mode on line 15 if the destination is still null on line 13
after exiting exploration mode. Here, it tries to find an occlusion point to traverse to.
At last, the agent moves to the destination on line 25 if the destination is not null
on line 23.

1 public void UpdateLogic()
2 {
3 if (_controller.GetCurrentStatus() == Status.Idle)
4 {
5 Cell destination = null;
6

7 List<Vector3> visibleAgents = _controller.GetVisibleAgentPositions();
8 List<Cell> currentView = _controller.GetVisibleCells();
9 CellStatus[,,] map = _controller.GetCurrentView();

10

11 destination = ExplorationMode(currentView, map, visibleAgents);
12

13 if (destination == null)
14 {
15 destination = SearchMode(currentView, map, visibleAgents);
16

17 if (_occlusionPoints.ContainsKey(destination))
18 {
19 _occlusionPoints[destination]++;
20 }
21 }
22

23 if (destination != null)
24 {
25 _controller.MoveToCell(destination);
26 }
27 }
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28 }

Listing 4.8: Implementation of the logic for Local Voronoi Decomposition

4.4 The Application

An illustration of the application can be observed in Figure 4.1. The image shows
5 agents moving around in a cave with the dimensions of 50 × 50 × 50 voxels.
Each agent’s trajectory throughout the cave is represented using a white line. The
right-hand side of the figure shows the UI containing all the properties (e.g. height,
width, and depth) for creating the simulation, as well as the duration and progress of
the currently running simulation.

Figure 4.1: Illustration of agents exploring a cave on the left side constructed from the UI on the
right side



5. Experiment

This chapter entails the setup used for the experiments, the results for LVD and
RBW using exploration time as a metric, and a comparison of the two algorithms.

5.1 Experiment Setup

For the experiment, we want to create a replicable test environment, where we can
test both the RBW and LVD algorithms. This environment will consist of a map
generated with the dimensions of 50 × 50 × 50 voxels, and a predefined seed for each
simulation. The simulations will run for a duration of 30 minutes using 5 agents. The
agents will spawn in the voxel nearest to (0, 0, 0) with enough space to form a cross
pattern. The performance matrix we use for evaluation is the exploration time. The
exploration time is the time it takes to explore all the free voxels in an environment
at least once; the total number of free voxels for each seed can be seen on Table 5.1.
A snapshot of the accumulated exploration is taken every 10 seconds and is used for
comparison.

Seed 1 2 3 4 5
Free voxels 13,871 11,976 16,261 12,891 14,787

Table 5.1: Free voxels in the seeds used for the experiments
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5.2 RBW Results

The results for RBW can be seen on Figure 5.1. The Y-axis shows the exploration
in percentage and the X-axis shows the time in minutes. The algorithm reached an
exploration of 91%, 94%, 92%, 98%, and 94% for each corresponding seed resulting in
an average of 93.8% exploration. The algorithm has a hard time navigating through
narrow hallways or dead ends due to the randomness when hitting a wall or the floor
and ceiling, which Seed 1 mostly comprised of and is why it performed the worst.
Furthermore, in Seed 4 the agents spawn close to a large room without any small
corridors nearby, this results in the agents discovering a lot of the cave quickly at first
and then evening out at the end.

Figure 5.1: Results of the RBW algorithm in 5 different scenarios
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5.3 LVD Results

The results for LVD can be seen on Figure 5.2. The Y-axis shows the exploration in
percentage and the X-axis shows the time in minutes. The algorithm could not find
the remaining free voxels within 30 minutes for Seeds 3 and 5. Here, the algorithm
spent the remaining 11 minutes and 20 seconds for Seed 3, and 13 minutes and 40
seconds for Seed 5 in search mode trying to find the last free voxels. The algorithm
has a hard time navigating out of dead ends due to the limited range and number of
occlusion points. Here, we see the same problem for Seed 1 as in the previous section
5.2 and is further discussed in section 6.1. The algorithm, like RBW, performed the
best in Seed 1 because of the openness of the cave and the lack of dead ends.

Figure 5.2: Results of the LVD algorithm in 5 different scenarios



32 Chapter 5. Experiment

5.4 Comparison of LVD and RBW

A comparison of the average exploration over 30 minutes for RBW and LVD can be
seen on Figure 5.3 for the five seeds. The Y-axis shows the exploration in percentage
and the X-axis shows the time in minutes. LVD reached an average exploration of
99% and RBW reached an average exploration of 93.8% at 30 minutes. LVD reached
99% at 18 minutes and 40 seconds whereas RBW reached 93.8% at 28 minutes and
10 seconds. When looking at the time it took for both algorithms to reach 90%
exploration, it took LVD 5 minutes and 20 seconds, and RBW 18 minutes. In terms
of exploration, LVD is faster than RBW by a wide margin.

Figure 5.3: A comparison of the results for LVD and RBW



6. Discussion

In this chapter, we will discuss the shortcomings of our solution. These shortcomings
are issues that occur when generating maps at a certain size, the movement of the
agent, and what is lacking when comparing the algorithms.

6.1 LVDs Relevance in Three-dimensional Space

This section will discuss problems erupting when implementing LVD in a three-
dimensional environment. The paper [5] does not explicitly state the range of the
observable region of an agent. However, the figures show illustrations of agents having
an infinite range. In MAES3D, the radius of the observed area is finite. Therefore, the
agents have to be within a finite range of each to be a factor in the decision-making
of which voxel the agent will move to, as the closest agent will control it. The agents
used a radius of 5 voxels in the experiments, meaning agents further than 5 voxels
away did not have an impact on the agent’s movement.

Figure 6.1: Trajectory of an agent traveling to occlusion points in a dead end

33



34 Chapter 6. Discussion

Another problem that often occurred can be seen on Figure 6.1. The agent’s trajectory
can be seen when it encounters a dead end. Here, the agent continuously visits the
many occlusion points within view until it finds a way out. This results in the agent
spending most of the time traversing occlusion points along the wall, instead of
exploring new areas. The excess amount of occlusion points is a byproduct of the
way the cave is structured using cubes; creating a lot of points that break the agent’s
line of sight. [2], solves this issue by combining occlusion points within some distance
of each other to be the same.

6.2 Measurement of Progression

In 2.3 it was mentioned that both exploration and coverage algorithms should be
able to be simulated within our framework. However, due to time being our most
pressuring factor, it was decided not to fully implement coverage as a means of
measuring the progression of the simulation. To measure the progression we currently
use a factor of all explored voxels divided by all explorable voxels. Since we intended
to implement coverage, we are also able to compute the factor of all covered voxels
by all coverable voxels, which is the same as explorable voxels. However, since the
simulator does not have any coverage algorithms implemented, we did not implement
a way of showing the percentage of covered voxels. If coverage algorithms were to
be implemented, all the requirements to implement coverage as a measurement of
progression is already implemented.

6.3 Dynamic Map Generation

In the current implementation of the program, the map is generated to fit 100 ×
100 × 100 voxels. This results in the implementation working as intended for this
scenario. However, reductions in the dimensions of the map result in the map being
generated with fewer coherent tunnels and more isolated holes.

The worst-case scenario is if the map gets too small, the smoothing algorithm in
Listing 4.2 will turn the map into a solid block with no holes or tunnels at all.
A possible solution to this problem would be making a dynamic map smoothing
algorithm that changes the amount of smoothing iterations, and the number of needed
neighbors for a smoothing operation to be executed.

6.4 Agent Movement

The current implementation of the agent movement simulates the movement of a
submarine. This means, as explained in section 3.2.1, that the pattern of the agent’s
movement is based on the look, compute, communicate, move model explained in
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section 3.4, where the move part is based on the agent turning to face the direction it
is supposed to go, and then moving in a forward motion towards the target destination.
This method of moving results in the agent spending time turning from facing the
position it is looking to face the direction of the target destination. This is time spent
not progressing the exploration at all since turning is happening while the agent is
standing still.

To prevent spending a lot of time turning, the movement of the agent could be
implemented to simulate a drone instead of a submarine. This implementation of
movement will focus on moving the agent along the cardinal directions and the
altitude represented respectively by the (x,z) plane, and along the y-axis.



7. Reflections

In this chapter, we will reflect on some of the decisions taken throughout the project
in relation to Unity and Github.

7.1 Unity

In this project, it was decided to use Unity as the engine for our simulator. Unity is
an engine primarily used for game development in two- and three-dimensional space.
We chose Unity not only because of our prior experience with C# and that the MAES
project was created in Unity. But also because of the built-in functionality such as
sphere casting and UI Builder.

7.2 GitHub

GitHub is a repository hosting service, which allows multiple developers to contribute,
change, view and use public code written by other developers. GitHub was used as
our repository for the project. GitHub provided the project with an overview of the
project and changes made within it. Furthermore, GitHub gave us the ability to
version control our project.

36



8. Conclusion

The problem analysis in chapter 2 analyses the problem of simulating three-dimensional
exploration and coverage algorithms. This was done by looking at three other
simulators namely Gazebo, ARGoS, and MAES. Furthermore, the algorithms Random
Ballistic walk (RBW) and Local Voronoi Decomposition (LVD) were explored, which
ultimately resulted in the two following problem formulations:

"How do we make a framework for simulating three-dimensional exploration and
coverage algorithms using one or more agents in continuous space?",

and

"How do we implement Random Ballistic Walk and Local Voronoi Decomposition in
the framework?".

To solve said problem formulation, design choices for the agent’s abilities, the en-
vironment generation, the user interface, and a three-dimensional version of RBW
and LVD were specified in chapter 3 resulting in an architecture based on the look-
compute-communicate-move model for agents described in section 3.4. Based on the
design and architecture, an implementation was created and explained in chapter 4.
In chapter 5 the solution was tested on five different cave layouts using both RBW
and LVD. Furthermore, the results were compared and discussed. The shortcomings
of the solution were later discussed in chapter 6.

Based on the problem formulation, the experiments, and the discussion, we conclude
that a framework for simulating exploration algorithms was created. This model is
able to simulate every phase of the LCCM model by specifying agent capabilities
and an interface for exploration algorithms. Using the framework both coverage and
exploration algorithms can be executed as shown by implementing RBW and LVD.
Furthermore, we can also conclude from the experiments that our implementation of
LVD outperforms RBW in a three-dimensional space.
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9. Future Work

This chapter will display some of the ways our project can be further developed or
improved.

9.1 Minor Bugs

This section will talk about a few minor bugs that were not a priority to be fixed
within the time restrictions of the project. These bugs will not render the program
unusable as a whole, however, some scenarios are not able to be simulated due to
these bugs

9.1.1 Map Size

As mentioned in section 6.3, changing the default size of the map too much might
result in the map not being suited for a simulation. An adaptive implementation of
SmoothenVoxelMap() observed in listing 4.2 should include different implementations
based on different map sizes.

9.1.2 Unintentional Movement of Agents

Sometimes during the simulation of the LVD algorithm, we observe an agent moving
back and forth within the same voxel space. An example of this can be observed
on Figure 9.1. The figure illustrates the path of an agent with white lines. Within
the red circle, two small lines can be observed protruding out. These two small lines
represent the path the agent took when it was continuously moving back and forth.
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Figure 9.1: The figure displays the case where an agent moves back and forth in place during the
LVD simulation

Another unintentional movement happens under the use of the RBW algorithm. Even
though we use sphere casting to prevent agents from leaving the boundary of the
map, we still sometimes observe agents leaving the map resulting in the simulation
crashing.

9.2 Agent Movement

Section 6.4 talks about the current implementation of the agent movement, and how
it requires the agent to turn in different directions before being able to move. An
adaptive implementation to the agent’s movement would be to, in contrast to moving
like a submarine, implement a movement based on a drone’s moving patterns. This
implementation will reduce the amount of time used on arbitrary movements such as
turning, thereby improving the overall performance of the simulation. This alternative
agent should be developed to implement the same interface as the current agent does.
This would ensure that any exploration algorithm developed for an agent with one
type of movement would also work on any other type of agent.

9.3 Sensing the Environment

As described in section 3.2.2, the sensing of the agents is based on raytracing to
every cell in the edge of a sphere with the radius of the agent’s observation range.
This ensures that every cell within the observation range is accounted for in every
cycle. However, this also means that as the observation range gets bigger, so does
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the computational expense of the look phase which ultimately limits the possible
observation range without lowering the performance of the simulation. Developing
an additional method for sensing the environment that works in a similar way to a
LIDAR system would, while potentially lowering the precision of the sensing, allow
an agent to sense its environment with a far greater, or infinite range

As a bi-product of the sensing being handled by the exploration manager, the LIDAR-
based approach can be developed as an alternative exploration manager that interacts
with the rest of the simulation in a similar way to the current exploration manager.
This would allow a user to easily switch between the two approaches when setting up
a scenario.

9.4 Communication

The current implementation of inter-agent communication requires agents to be
within line of sight of each other to share their knowledge of the environment with
each other. Providing the user with more options for how the communication is
performed would allow testing exploration algorithms for agents that have different
communication capabilities. This configuration could include whether the agents
use global communication, resulting in one single shared exploration map, or local
communication as the current implementation uses but with greater configuration
options such as deciding the maximum range of a message and whether it requires
line of sight or can partially or fully blocked by the environment.

Furthermore, allowing an agent to send and receive customized messages, instead of it
being limited to map sharing, would open the possibility of implementing exploration
algorithms that uses more specialised inter-agent communication to delegate and
synchronize the exploration.

9.5 Coverage

As mentioned in section 6.2 the current implementation of the project is only taking
exploration into account when displaying the progress of the simulation. With the
intention of simulation both exploration and coverage algorithms, an adaptation of
the implementation could be to add a choice between displaying either coverage or
exploration as the metric of progression. Since an algorithm is focused on optimising
either coverage or exploration, the project could consider the intended goal of the
algorithm, and then display the progress of the simulated algorithm based on the
aforementioned goal.
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9.6 Runtime User Interface

The main function of the current interface is to configure the parameters of a simulation.
Developing a secondary user interface focused on providing a user with information
about the current state of the simulation while it is running. This interface could
consist of graphs representing exploration and coverage over time, as well as agent-
specific information such as the current task, target position of the task, amount of
exploration done by that single agent, etc. Additionally, the exploration algorithm
could provide information to this user interface making debugging the exploration
algorithms easier as well as displaying information that is algorithm specific, such as
whether an agent is in search mode or exploration mode for LVD.

9.7 Visualisation

Currently, the only visual representation of the progress of the exploration is in the
form of the percentage of the explorable cells that have been explored and a line
indicating where agents have moved within the environment. One addition that
would greatly increase the visual representation of the exploration progress would
be highlighting the cells that have been explored. In the case of walls, this could
be done by changing the colour of the cells that have been explored. In the case of
free cells, the problem is harder to solve as colouring the otherwise transparent cells
would result in the explored cells obstructing the visibility of the environment itself.
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